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Alertness scores, averaged for each hour, were The study had a few limitations.

‘NTRODUCT‘ON A | RESU LTS | regressed on time (hours) for daytime hours only to _ The timing for subjective alertness was not

model the wakeful portion of the 24-hour cycle. controlled, and an alertness rating was

— The results showed a positive but nonlinear requested only once a day. Most users reported

trend in alertness scores over daytime hours

Alertness is a subjective measure that varies A total of 65 528 sleep sessions were gathered over (Fi 2) indicating d o alert subjective alertness at approximately the same
throughout the day. It can be characterized using 95 days. The number of sleep sessions by age group hlg;re ), indicating decreasing alertness as time every day.
the two-process model (TPM) of sleep regulation, and other data set attributes are provided in Table 2. the day progresses. H ber of al .
which combines sleep homeostasis and the — From this analysis, a 3-term model was derived to — Ihe number ot alertness reports per participant was
circadian rhythm to derive a theoretical daytime TABLE 2. DATA SET ATTRIBUTES. predict alertness based on the hour (Equation 1). low (approximately 2-4; Table 2).
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— Mean alertness scores were highest in late
evening and low throughout the day, with a
slight increase in the afternoon (Figure 3).

alertness possible and 10 the highest level of

sleepiness (Table 1). Analysis of mean scores across all hours (Figure

1A), and on an hourly basis (Figure 1B), revealed
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